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METAPHOR DETECTION Low RESOURCE LANGUAGES A small feedforward network transforms the word

embeddings of the adjective-noun pair into a special

 We want to find adjective-noun metaphors. « Our main application is Middle High German. vector space:

. Our focus lies on intentional metaphors. » No large language models or syntax trees. + Metaphoric word pairs have a high cosine

distance.

- We start without annotated examples. . POS tags and lemmata are available. : . . .
. Literal word pairs have a low cosine distance.

. This provides a useful tool for literary scholars. » We can train simple word embeddings. . The cosine distance of the word pairs represents

their metaphoricity.
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- The idea of the pretraining is to model metaphors » Using our trained model, we rank all - The interactive annotation results in an
as selectional preference violations. adjective-noun pairs in our corpus by their annotated dataset without needing to annotate a
- For pretraining we temporarily assume that all metaphoricity. whole corpus.
word pairs in our corpus are non-metaphors. - We annotate examples with high metaphoricity, - We have low annotation cost to create a dataset
. As metaphor examples we create low metaphoricity and random examples. consisting of metaphors and non-metaphors.
pseudo-metaphors by randomly combining . Then we can finetune the pretrained model using . The dataset contains difficult examples that were
adjectives and nouns. the newly annotated dataset. wrongly classified in a previous iteration.
RESULTS EXAMPLES
UNSUPERVISED SUPERVISED grenzenloses Mitleid (DE)
borderless sympathy
2.3 3 1 ST 3.4 3 5 _ o
method TSV poems® GDCH Schiller!! TSVE4 poems! MHG? ein aufrichtiges Herz (DE)
supervised (ours) 090 0.82 base 0.26  0.32 070 0.74 0.22 an upright heart
SVM baselinel? features (+abst) 0.92  0.77 iter 1 0.60 0.44 084 0.77 0.61 Bk - o Sohl OE
SVM baselinel? features 0.67 0.75 iter 2 0.71 0.53 0.67 0.74 0.25 Ge ultsall:] ITCh reite edr L .Ielsen IO en (DE)
zero-shot GerDraCor (ours) 0.70  0.74 iter 3 046 055 072 078  0.60 entle shall he tread on silent soles
zero-shot (ours) 057 0.77 iter 4 073 062 070 077 0.0 schoenen gewin (MHG)
baseline? (4-abst) 0.86  0.76 iter 5 095 070 059 078  0.60 radiant victory
baseline!” 0.57  0.79 iter 6 060 077 070 0.82  0.66 der vogele siiezer déz (MHG)
Results of our supervised and unsupervised baseline comparison Results of the iteratively trained model on the GerDraCor (GDC) and held the birds’ sweet sound
experiments: The numbers are the average precision. The methods out Schiller test sets (precision at top 100) and on the TSV and poetr c .
m:rked with +-abst use abstractness featireg that are not present in low test sets (average precFi)sion); The I\/IEIG column shows the resultspof thye mit vil getriuwer huote (MHG)
resource languages such as Middle High German. experiment on Middle High German (precision at top 100). with much faithful |0ya|ty

Fischer, F and Borner, | and Gobel, M and Hechtl, A and Kittel, C and Milling, C and Trilcke, P. (2019). Programmable Corpora: Introducing DraCor, an Infrastructure for the Research on European Drama. Zenodo.

Pramanick, M. and Mitra, P. (2018). Unsupervised detection of metaphorical adjective-noun pairs. In Proceedings of the Workshop on Figurative Language Processing, pages 7680, New Orleans, Louisiana, June. Association for Computational Linguistics.

Reinig, |. and Rehbein, I. (2019). Metaphor detection for german poetry. In Proceedings of the 15th Conference on Natural Language Processing (KONVENS 2019): Long Papers, pages 149-160, Erlangen, Germany. German Society for Computational Linguistics & Language Technology.
Tsvetkov, Y and Boytsov, L and Gershman, A and Nyberg, E and Dyer, C. (2014). Metaphor detection with cross-lingual model transfer. In The 52nd Annual Meeting of the Association for Computational Linguistics, ACL 2014, pages 248-258.

Zeppezauer-Wachauer, K. (2022). Mittelhochdeutsche Begriffsdatenbank (mhdbdb). Universitat Salzburg. Interdisziplinares Zentrum fiir Mittelalter und Frithneuzeit (IZMF). Koordination: Katharina Zeppezauer-Wachauer. 1972-2022 (laufend).

7 IR N .r*! y
/=5 FRIEDRICH-SCHILLER- .-%L_ ."iﬂ m ional /\
@) UNIVERSITAT i fomputatlona <v

OB WO N

(&

C()mputer Vision Grc)up

ek LITERARYSTUDIES




