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MWE identification RESULTS

Figure 2: Comparing our approach performance with MTLB-
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€ Unseen VMWEs: Identifying MWEs that have not been previously encountered in training © U

datasets. < 10

€ Idiomatic Ambiguity: Differentiating literal from figurative meanings. 0
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B our approach

Identifying VMWE candidates Figure 3: Comparing our approach performance with MTLB-

STEP 1 - - - :
(based on lemmas associated with each MWE lexicon) STRUCT on MWE-based and unseen MWE-based metrics.
1,2
Disambiguating candidate VMWE occurrences: !
STEP 2 PIEC: Potential Identiomatic Expression Classifier 82
Architecture: ’
1. Tokenization: The input sequence SS and the target PIE are tokenized. 0;4
2. Embedding Generation: BERT is used to generate contextual embeddings, providing vector representations for both 02
the PIE and its context SS. ’

3. Feature Extraction: A Bidirectional LSTM (BILSTM) layer extracts features from these embeddings, resulting in 0
h(S)=BILSTM(e(S))h(S)=BILSTM(e(S)) and h(PIE)=BILSTM(e(PIE))h(PIE)=BIiLSTM(e(PIE)).
4. Attention Flow: The attention flow layer integrates context and query information, producing guery-aware vector
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representations and fusing A(S)h(S) and A(PIE)h(PIE) into a cohesive contextual representation. Literal Figurative Literal Figurative Literal Figurative
5. MaxPooling: A MaxPooling layer reduces the dimensions of the data while retaining key features.
6. Classification: The integrated representation is passed through Dense layers, with the final classification performed Arabic English German
using a sigmoid layer.
m SVM-MUSE mPIEC
Figure 1: OVERVIEW OF THE METHOD barseme-ar 112
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His crow flew off %o get old'@ o 5 a8 ) € a0 ey e score by 7% and for unseen MWEs by 9% (see Figure 2)

Ll L il Jeall A5 B T o aima 2 - Among the 278 unseen VMWEs assessed, our
approach detected 125, whereas MTLB-STRUCT

identified 104 out of the total.
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‘Betrayal, deceit’

And this means that companies, now more than ever, @
are competing fiercely to attract their customers’ attention.
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And this means that companies, now more than ever,
are competing fiercely to attract their customers’
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EVALUATION

DATASET

MAGPIE corpus &

English

corpus from PARSEME 1.3 [1-2] ’j Lang Literal | Figurative Total
AR-train 103 202 305
. AR-dev 16 30 46
parseme-ar. COLF-VIDcorpus ! AR-tes! 29 57 86
4,7000 VMWESs within 7,500 sentences. COLF-VID-train | 1,172 5,705 6.902
German |Gre | = i | ACKNOWLEDGEMENT
[_‘ COLF-VID-test 265 1,238 1,511
MAGPIE-train 2 676 12,676 15,352
’__] MAGPIE-dev 595 2719 3314
- MAGPIE-test 635 3339 3974
VMWE lexicon =
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Tablel :Literal and idiomatic occurrences of PIEs in Arabic (AR), German
(DE) ( we excluded both the
types of BOTH and UNDECIDABLE, which accounts for the disparity in the
count between literal and
idiomatic expressions compared to the total) and English(EN)

1504 Arabic VMWE manuually annotated.
From “Contextual Dictionary of Idiomatic

Expressions” by [5] [_‘




